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Figure 9: Rendered textured scenes using different SVBRDF estimators. [ZLH� 22] produces sharp but splotchy maps, [KSN24] generates
monotonic maps lacking details, while [ZDG� 24] generates blurry maps with visible seams due to the inconsistent estimations. UNet-RGB,
UNet-HF and GenPercept produce more contrasted results with reduced seams artifacts, providing tradeoffs in terms of sharpness, colors
and consistency. Please see the accompanying video for an animated result.

lines depth generated image

Figure 10: Thin objects may cause artifacts due to reprojection, as
shown in the right part of the wooden fork, which does not generate
clean material and geometry.

rendering. This simple pipeline enables rapid design iterations, and
will directly benefit from the rapid progress in image generation
control and quality.

We study the impact of the type and input of neural architec-
tures for SVBRDF estimation in the context of this 3D material
texturing pipeline. Surprisingly, we find that a simple single-pass
UNet architecture can outperform more complex recent solutions
in terms of accuracy of prediction, even though recent methods can
provide appealing piecewise constant results. We also note that the
use of hyperfeatures improves multi-view consistency, possibly be-
cause they encode richer semantic information that is more invari-
ant to view changes than RGB values. Finally, we find that pro-
viding depth and normals as additional channels provides marginal
results improvements.
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"A modern style livingroom
with wood, detailed paintings, 

and a golden object"
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Figure 11: An example of material design for a living room scene. On the left, we show the two different prompts as well as images used
to design the appearance of the scene (the middle image is a shaded version of the input geometry). For each prompt we show the material
maps extracted from the generated image, and below the maps three different viewing and lighting conditions (moving light source).
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A cozy rustic bathroom with textured
stone walls, a hammered copper

freestanding bathtub. The vanity is 
a thick slab of reclaimed wood 

with vessel sinks made of copper.
Wrought iron fixtures and dim lantern

lighting create a warm,
inviting atmosphere.

A glamorous art deco-inspired bathroom
with blue tiles, gold geometric accents,

and a luxurious black marble vanity.
The floor is designed with

black and white tiles,
adding a classic touch.

Figure 12: An example of material design for a bathroom scene. On the left, we show the two different prompts used to design the appearance
of the scene. For each prompt we show the material maps extracted from the generated image, and below the maps three different viewing
and lighting conditions (moving light source).
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Figure 13: An example of material design for a bedroom scene. On the left, we show the two different image prompts used to design the
appearance of the scene. For each prompt we show the material maps extracted from the generated image, and below the maps three different
viewing and lighting conditions (moving light source).
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